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AI: Artificial Intelligence 

API: Application Programming Interface 
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ML: Machine Learning 
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SDG: Sustainable Development Goals 

UI: User Interface 
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5.3 CONCLUSION 
The  primary  objective  of  developing  a  local  Luganda  crop  disease  diagnosis  tool  has  been 

achieved, and the tool is currently available for local use. While the recommendations outlined 

above offer avenues for future enhancement and the identified challenges present opportunities for 

further research, the project can be considered a success. Nonetheless, continued efforts to improve 

the quality of Luganda responses generated by the tool are warranted. 
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